A UNIFIED THEORY OF OPTION PRICING ASSUMING STOCHASTIC VOLATILITY

BRETT L. SHANAHAN

ABsTRACT. Stochastic volatility models have grown in popularity in the past decade or two. However,
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1. INTRODUCTION

Recent decades have given rise to a number of sometimes complex and sophisticated methodologies that
attempt to resolve empirical issues related to volatility modelling, with a view, in particular, to pricing
options. Models which assume volatility is stochastic have enjoyed particular success in attempting to
explain observed volatility smiles with the Heston [3] model in particular receiving much attention in
empirical studies.
One of the major reasons that stochastic volatility models have become popular is their ability to model
stylised features of volatility more succinctly in their bid to better explain volatility smiles. The mod-
els of Scott [6], Stein and Stein [7], and Heston [3] in particular have been useful in their ability to
model volatility characteristics such as shocks and persistence by assuming a mean reverting process
for volatility or a function of volatility. The Heston [3] model also assumed correlation between the
Brownian motions which drive the stock and volatility processes in order to capture another important
feature; skewness in the distribution of the asset returns process. That is, zero correlation can only lead
to increased kurtosis in the distribution of asset returns and, while this is important in explaining volatil-
ity smiles better, empirical evidence supports a skewed distribution for returns, something which cannot
be captured properly without correlation.
Given the successes enjoyed by authors including Hull and White [4], Scott [6], Stein and Stein [7],
and Heston [3] in modelling volatility stochastically, therefore, we turn to this framework and look to
extend it to more general functional forms of volatility under the consideration that there is trade-off
between realism and tractability which is generally realised. Specifically, the functional specifications
of volatility in models such as those in Stein and Stein [7] and Heston [3] have been predominantly
made in order to provide analytic convenience, the cost of which can be realistic option prices.
To that end we recall that, even in the case of zero correlation, analytic solutions to more general sto-
chastic volatility specifications are difficult to obtain. The extra dimension provided by the state variable
governing volatility will usually mean that an analytic solution is not attainable (except in specific cases),
1
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ultimately requiring some form of numerical approximation. Among those considered along with the
approaches of Stein and Stein [7] and Heston [3] is that in Fouque et al [2]. We have commented on the
method of Stein and Stein [7] to the extent that they consider only zero correlation and as a result are
able to recover the stock price density, though an extension to include correlation is not straightforward.
In addition, the approach becomes more complicated under more general volatility specifications arising
from the choice of f(-), where this represents the functional form of volatilty.

As alluded to already, for the method in Heston [3], the probabilities of the stock price finishing in a
specified region along with its expectation restricted to a specified region are found. These probabilities
can be considered as estimates of the pricing density and while the form provided must be calculated by
use of a numerical procedure, it can be considered closed-form due to its ease of implementation with
modern computer software. However, the method used relies heavily on the functional form specifica-
tion, namely the square root process. The use of the volatility diffusion power parameter, denoted here
by vy, will mean that we cannot generally find an analogous solution here, leading to a consideration of
other methods.

The main idea of the approach of Fouque et al [2] is to incorporate a flexible functional form by consid-
ering an asymptotic expansion of the option price where it follows that the first term in the expansion is
the Black Scholes call option price with volatility based on f(y). Here y is instantaneous volatility and
the first-order correction term is based on an expansion of the option price in coefficients of the inverse
square-root of mean reversion.

The validation of the asymptotic approach is the consideration of high speed mean reversion and that
this is, roughly, equivalent to long-horizon maturities. To see this, we note that the variance of the
Ornstien-Uhlenbeck process posed in Fouque et al [2] is

var(Y;) = p (1-e), .1
2k
which is approximately equal to 52/(2«) for k large where the link between this approximating value
and time is made by the exponential term.
While the methodology is flexible in its ability to handle any suitable functional form of volatility, f(-),
there are several issues. To begin with, the Ornstein-Uhlenbeck process is Gaussian and there is only
a first-order correction term. This means that the price differences found between options priced in the
stochastic volatility setting and those found by standard Black Scholes will be symmetric in correlation
about the strike price. Given that the OU process is Gaussian, there is always some probability that it
can take on negative values. This can be overcome by the choice of functional form of volatility, thus
leading to a skewed distribution, though this will not be captured by the first-order correction term.
In addition, it must be assumed that the speed of mean reversion is numerically high. Even if this is the
case, a high enough speed of mean reversion, when volatility of volatility is small, should effectively
lead volatility to be approximately constant. This should then result in price differences not too far from
a standard Black Scholes option price with effective volatility based on E[f(Y;)] where Y, denotes the
volatility process. Given that a high speed of mean reversion is connected to long-run behaviour, it
follows that the price differences must be compared to those on a much longer maturity, even in the case
of an option which has only two weeks (say) until expiry. Finally, as the correlation between the two
Brownian motions tends to zero the price differences disappear completely.
To overcome some of these shortcomings, Rasmussen and Wilmott [5] extend the idea presented in
Fouque et al [2] to include higher-order terms, a total of five. In this case, the zeroth-order term is the
Black-Scholes price based on effective volatility while the other four terms contribute to option prices
which fit volatility smiles better than those where only an additional first-order term is considered. How-
ever, as is the case in Fouque et al [2], the method relies on asymptotic properties and is thus based on
the behaviour of long-run volatility as opposed to volatility at any instant. In particular, the long-run
distribution of the volatility process must be known. Naturally, this in turn restricts the choices for which
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the stochastic process describing volatility can take.

With these restrictions in mind, the objective of this paper is to approximate option prices which target
the true option price as if the probability density function of the volatility process is known, even in
the event that it isn’t. In order to facilitate such an approximation, certain restrictive assumptions are
relaxed. Firstly, the functional form of volatility can be arbitrary, so long as it is suitable (in a sense to
be made clear). Also, by targeting the true option prices, the approximation is not based on long-run
densities, but, on the converse, is based on the actual density of the volatility process. In other words,
asymptotic properties are not required. Additionally, the functional form of volatility is relaxed to the
extent that its probability density function may not be known. In particular, the only assumption made
on the underlying volatility process is that it is mean-reverting. That is, the terms comprising its diffu-
sion coeflicient can be somewhat arbitrary.

While the methodology will be outlined for general choices of functional form of volatility, f(Y;), in
order to overcome the already mentioned shortcomings. The expansion method centres around the
volatility of volatility parameter, 3, up to second-order, essentially meaning that any error is of order 5°.
For practical purposes, it is usually found that 5 € [0, 1) and more usual situations are where £ is less
than 0.4 so that the method is quite accurate to two decimal places at worst. For the sake of exposition,
the model is benchmarked to two popular stochastic volatility models, those presented in Stein and Stein
[71, and Heston [3], before examining the impact of a more general functional form.

Specifically, the polynomial not only includes correlation, but can also be used when correlation is zero.
This is achieved by assuming the zeroth-order term, uy(7, x, y), followed by the retrieval of a first-order
term, u; (7, x,y) , which is analogous to than found in Fouque et al [2]. The distinction between the first-
order term found here and that of Fouque et al [2] is that the latter, as has already been stated, is based
on expectations with respect to the density of the long-run volatility process. We continue the expansion
further with a second-order term, u,(7, x, y), which is comprised of terms which have zero and non-zero
correlation, thus providing flexibility along with increased accuracy. In addition, the algorithm required
to implement the approximation is relatively straightforward and quick with modern computer software.
Finally, the boundary conditions on the higher-order terms (i.e., the first and second) are automatically
satisfied.

1.1. Plan of the paper. The rest of this paper is organised as follows: In Section 2 we outline the
general form for the stock price and volatility processes before deriving the polynomial which will
approximate European call option prices. Section 3 then benchmarks the approach to the Stein and
Stein [7] and Heston [3] models before presenting results obtained by posing a more general functional
form for volatility. Section 4 then concludes and discusses the results obtained.

2. MATHEMATICAL RESULTS
We begin this section by introducing a stochastic system where the asset price and volatility are the state
variables. In particular, let us assume that the stock price process evolves according to

ds, = S,(rdt + o dW,), 2.2)

where r is the risk-free force of interest, W; is a standard one-dimensional Brownian motion, and where
we have the volatility specification o; = f(Y;), where f(-) is some differentiable function. The volatility
specification leads to the introduction of the intrinsic volatility process

dY, = k(@ -Y)dt+BY (pdW, + /1 — p2dB,), (2.3)
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to which we make the following notes: The long-run mean of the process, Y;, is 8 and x measures the rate
at which the process Y; reaches the long-run mean. The volatility of volatility parameter is governed by
[ and the power parameter, y, controls the path-dependency in the diffusion term of intrinsic volatility.
It has also been assumed that the intrinsic volatility process is driven by a Brownian motion which is
correlated, as measured by p, with the Brownian motion which drives the stock price process. That is,
d(W,B); = 0.

We note that the system provided by (2.2) and (2.3) models some quite flexible modelling considerations
which are rich in flavour. Firstly, the specification of the volatility function as measured by f(-) can be
arbitrary so long as it is suitable. Secondly, the intrinsic volatility process is mean reverting which agrees
with empirical studies. Thirdly, the diffusion coefficient is subject to two parameters, 8 and y. Lastly, the
introduction of the correlation coefficient, p, as in Heston [3] allows for skewness in the returns process
distribution.

Equations (2.2) and (2.3) give rise to the following partial differential equation (pde) operator provided
by

a9 1, L& p)
L = —a—+rxa—+—f(y)x —2—rx+l<(6'—y)5

2
Oxdy’

where 7 = T — ¢ for some time T > ¢t > 0. Given the form of (2.4), we can rewrite it in the equivalent
form

Bzyzy

(2.4)

L = L+pLi+p Lo, 25)
where notation has been lightened by use of the time-deterministic volatility Black Scholes operator
0
L = —o-t rx— + f (y)x 5+ k(6 - y)— - rx. (2.6)

Also, we have the cross-term operator which picks up the correlation between the Brownian motions
driving the stock price and volatility processes, provided by

2

|
— Y
1 fO)xyp By

Finally, we have the operator which accounts for the diffusion coefficient of the intrinsic volatility pro-
cess provided by

Q2.7)

2
ly276__
27 0y?
In order to price a European option, u(t, x, y), subject to the boundary condition u(0, x,y) = {x — K}*,
for some strike price, K, we are wishing to solve the equation Lu(t, x,y) = 0. In order to facilitate

solutions to equations such as these, we consider that

Ly = 2.8

00

u(t, x,y) = Zﬁ"un(r, X, ). 2.9)

n=0
It then follows that

oo

D (Lo +BLy+ B Lo)Bun(r %, Y),

n=0

Zﬁ Lo (7, x,5) + Zﬁ”zlun 17X + Zﬂ Loty 5(7, %, ).

n=0 n=1

Lu(t, x,y)
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Setting the above to coefficients of 8", for n > 0, it follows that

0 = Luy(t,x,y) +L(Lu(t, x,y) + Liuo(t, x,y))
+8% (Loua(t, x,y) + Liui (1, x,5) + Louo(t, X, )

+ 3B (Lot %,3) + Litty1(T,%,) + Loty 2(7, %, )

n=3

We next set each coefficient of 8", for n > 0, equal to zero so that we wish to solve the system of
equations

Loup(t, x,y) =0, (2.10)
Lou(t,x,y) + Lyuo(t, x,y) =0, 2.11)
Loup(7, x,y) + Ly (7, x,¥) + Louo(7, x,y) = 0. (2.12)

In the sequel, the terms arising from the coefficients of 8" for n > 2 will be dispensed with. To justify
such exclusions we note that in practice the volatility of volatility parameter, 3, is usually less than 0.3
and that any error arising will be of order 8. The reason such higher order terms are dispensed with, as
shall be seen, is the increased complexity involved in finding each of the terms u,(7, x, y).

2.1. The Zeroth-Order Term. Having set the scene by providing an outline to a method of solution, we
turn to the first equation, (10). Given that this term corresponds to the time-deterministic Black Scholes
operator, we have the Consider a European contingent claim, uy(, x, y), such that uo(0, x,y) = {x — K}*
and Loug(t, x,¥) = 0. In such a setting, we have

up(r, x,y) = xN(dy) — Ke”"N(d), (2.13)
where N(+) corresponds to the cumulative Gaussian distribution, and subject to
d : [1 i ] + Loy & = dy - g(r,y)
= n— +rr|+ =g(t, ; =d, — g(1,y).
1 2(1,y) % 28 y 2 1~ 8Ty

Here

.- 1/2
g(ry) = { fo fz(V(u))du} ,

where v(u) = 0 + (y — 0)e ™,

Proof. Consider, for brevity, r = 0. We have the partial derivatives

0
o uo(t, x,y) = N(dv),
X

along with
0 , 0
ﬁMO(T,XJ) = N(dl)adl’
as well as
0 , 0
—up(r, x,y) = xN'(d1)—g(r,y),
or or
and

0 0
_MO(T5 X,)’) = XN,(dl)_g(T,J’)
dy dy
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It then follows that

0 1 0
Lou(T, x,) —IN'(d) 585, y) + 5 XN (d) 5-dy
T 2 Ox

, 0
k(0 = V)N (d1) 5-8(T. ),
Y
’ a ’
= —aN(d)28Ty)o-g@my) + f 2N (d))
, 0
+k(0 — y)xN'(d1)2g(x, y)a—yg(f, ),
’ 0 2 2 ’
= —aN(d) 58 (1Y) + fFO)N(d))
, 0
+K(0 — Y)XN (a’])a—y @ y). (2.14)
On the other hand,
0 T e
58 @) = -k -0 f T £l du, (2.15)
0
and
0 Tt
5.8 @Y) = f &0 f2 du, (2.16)
Y 0
Substitution now of (2.15) and (2.16) into (2.14) yields the desired result. m| O
We note an important component of the Black Scholes price with deterministic volatility. Specifically,
lim,_,. v(u) = 6, thus meaning that high speed mean reversion leads to the Black Scholes price with
constant volatility, f(6), i.e., volatility is at its long-run value. Conversely, the next result arises as a
consideration of zero mean reversion. Assume that the function f(-) is continuous and differentiable.

In the case of zero mean reversion, the Black Scholes price of the zero-order term, uo(7, x,y), is the
standard Black Scholes price with effective volatility f(y).

Proof. 1t is straightforward to see that
limg*(r,y) = f1)r,

as required. O O

In the sequel we will continue to consider the case of zero mean reversion as a special case for the
following reason: Under certain specifications of the functional form it may make sense to use a low
speed mean reversion parameter. Indeed, if mean reversion is too low, packages such as Matlab may
not recognise these limits and subsequent functions may appear to lead to option prices which explode
when this should not be the case.

2.2. The First-Order Correction Term. We now turn to the second equation (11). That is,
Louy (1, x,y) + Liug(t, x,y) = 0.

This leads to the following The first-order correction term satisfies

1
wi(t,x,y) = pHi(1,y) (xzum+§x3uxm), 2.17)
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where the expression uses the second and third derivatives of the Black Scholes call option price,
up(T, x,y), with respect to the underlying spot asset price, x. In addition, the coefficient in 7,y satis-
fies

du, (2.18)

y=v(u),T=u

’ 0
H(t,y) = f V' )2 g (x, y)
0 ay
where v(u) =0+ (y — g)ek(u—-r).
Proof. See appendix. ]

Yet again, we can find the limiting case of zero mean reversion. The result is contained in the Assume
that the function f(-) is continuous. In the case of zero mean reversion, we have that

. I P
lim Hy(r,y) = Eyyf(y)a—yfz(y)rz.

Proof. Straightforward and note that
1irr3 v(u) = y.
O O
2.3. The Second-Order Correction Term. We now turn to the third and final equation, (12). That is,
Louy(t, x,y) + Liui (7, x,¥) + Louo(t, x,y) = 0.

The result is entailed in the following The second-order correction term satisfies

w(t,%,y) = uen(7,X,5) + upa)(T, X, ), (2.19)
where notation has been simplified with the use of
e x,Y) = Hy(t,y) (20U + 45 U + Xttyn) + Hop(T, )X 1, (2.20)
and
_ 2 2 3 4
M(2,2)(Ta x,y) = p°Hi(t,y) (4x Uy + 23X Uyyr + 23X Uy

1 5 6
t X Uyxxxx + Ex Uxxxxxx

2
2 2 5 3 1 4
+0"Hap(T, y) | Xty + Zx Uxx t Zx Uxxxx | - (221

In this case it is true that

1 (7 3 2
Hy(t,y) = < f v =g*1,y) du, (2.22)
8 0 ay y=v(u),r=u
while - #
Hy(t,y) = ZI} [y27a—yzg2(r,y)] du. (2.23)
y=v(u),T=u
In addition, we have that
1 (7 0
Hi(r,y) = 5 f [y’f(y)a—gz(ny)Hl(T,y)} du, (2.24)
0 y y=v(u),T=u
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and

du. (2.25)

y=v(u),T=u

T 0
Hyy(1,y) = Zf [yyf(}’)a—HﬂT,Y)}
0 y

Proof. See appendix. O

The solution to the second-order term highlights some important properties which cannot be explained
by the first-order correction alone. In particular, it is noted that the expression for u,1)(7, x, y) takes no
coefficient in correlation. Specifically, when there is no correlation between the Brownian motions in
the system, this term alone accounts for differences in option prices over their Black Scholes counter-
parts. Additionally, the expression for u; (7, x,y) takes a coeflicient of correlation squared, that is, p2.
In particular, the sign of the first-order correction term, u;(7, X, y), depends on the sign of correlation
whereas the former will always have the same sign regardless of the sign of correlation.

The previous result shows that the addition of a second-order correction term has increased the complex-
ity of solution and, as such, no further terms are explored. In many cases it will be easier to evaluate the
terms H(t,y) for j = 1,2,2b,3,3b numerically in order to overcome cumbersome expressions. It will
be seen, in the next Section, that some closed-form solutions do exist. In addition, it is noted that the
expressions of the second-order term involve partial derivatives of the zeroth-order term, uy(7, x,y), up
to sixth order. Before looking to simplify such expression, we turn to limiting values as mean reversion
tends to zero. Assume that the function f(-) is continuous and differentiable. In the case of zero mean
reversion, we have that

. R I ’ 3

limHy(r,y) = 57y (ayf ] 7.
While

lim Fi(r) = 45 2 Py

lim Ho(, 3 5y )

In addition
1 d 2
lim H3(r,y) = gy”ﬁ(y)(a—yfz(y)) o,
and
. 6 a 2 2
lim Hy(7,y) = yyf(y)a— VIO —f |t
K— y 8y

Having now derived the approximating polynomial for the solution of European-style options, we now
look to simplify the resulting expression in order to overcome the tedium of calculating the partial
derivatives,

1

ox"

uo(7, x,),

for n > 2. The useful result is contained in the Consider the vector (@, s, @3, @, @s) € R>. Then
the following equality holds for linear combinations and partial derivatives of the Black Scholes option
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price, uy(t, x,y),

2 3 4 5 6
QX Upx + @2X Uxxx + Q3X Uyyxx T A4X Uyxxxx T A5X Uxxxxxx

- {al + Gay — s — 1as) s

+3
gy  gHry)

1 d
- (a2 — a3 + 204 — 65 + (18as5 — 3a4)2—) (1 + —1)
g(1,y)

8(t,y)
2
a5 dl
a3 —3as+ 1las —6———||1 +
( BT gz(f,y))( g(ny))

4\ 4
—(ay — 6a5) (1 +—t ) + s (1 + ) Pty (2.26)
8(t,y) 8(,y)
where d; is as provided in theorem 2.1.
Proof. 1t is easy to see that
1 d
Uyex = ——uxx(l + —‘) (227)
x 8(1,y)
while
u)zcxx 1 1
Uxxxx = = TUxxx T 5 5, < Uxx-
Uy X x2g2(1,y)
Similarly,
we 3ud, 2 3 3
Uxxxxx = -~ U |1 = + Uxx,s
ur,o X Uy X2 28%(T,y)]  x3g(1,y)
and
uixx 6 MJSCX.X 1 MJ%XX 6 1 18
Uxxxxxx = ~—3 — T 5 T 5 |5~ T Sl 2——6
Uye X Uy X7 U \H(T,Y) x g (1.y)
. 1 3 11 )
a2, N~ 5, uXX'
H*\gry)  g(ny)
Taking linear combinations of these along with the identity
un dl n
=2 = (1) MUy, (1 + ) ,
uly! g(y)
as provided by (2.27) yields the desired result. O O

In other words, in order to evaluate the polynomial approximation, all that is equired is the time-
deterministic volatility, g(z, y), the limit of integration, d;, and the Black Scholes option gamma, u,.
The recursion provided in the previous lemma may look cumbersome, though it is easily implemented
as illustrated in the following

Example: Consider the second component of the second-order correction term which takes the lin-
ear combination of the partial derivatives

2x2uxx +4x° Uyre + x4uxxxx.

Direct use of (2.26) then says that this is equal to

1 di d \| »
2-———-3]1 1 s
{ g (r.y) ( +g(T,y))+( +g(T,y)) }xu
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which simplifies to

{ d% d] 1 } X 1 _ % df

2@y sy £@y) sy o

Having simplified the terms comprising the approximating polynomial, there is still one consideration to
make before analysing various models. In particular, while it has been shown that the zeroth-order term
(i.e., the Black Scholes price) satisfies the terminal condition, u,(0, x,y) = 0, we have the implication
that the first- and second-order correction terms must also satisfy the appropriate boundary conditions,
namely, ©;(0, x,y) = u(0, x,y) = 0. Fortunately, the argument required is not difficult. In particular, it
is clear that

limH(r,y) = 0.

™0
forall j =1,2,2b,3,3b. In light of Lemma 2.3, we additionally see that

lime 24 = 0

It is true that this term converges to zero faster than the absolute value of other terms comprising the
linear combination in Lemma 2.3 tend to infinity. In other words, the first- and second-order correction
terms actually converge to zero as the time to maturity reaches zero and the boundary conditions are
satisfied as required.
A natural consequence of the results derived so far is that they extend easily to other European deriva-
tives. The use of put-call parity reveals that the differences in option prices, as obtained by the first-
and second-order polynomial terms, in comparison to the Black Scholes price must be the same for
European put options as they are for European call options. From an arbitrage-theoretic view point this
progression is necessary; if there are differences in prices from Black Scholes on a European call option,
then these differences must also translate to their put counterparts in order to preclude a riskless trading
strategy which results in certain profit. Specifically, we recall that put-call parity says

w(t,x,y) = u(t,x,y)—x+Ke ™,
where w(, x,y) is equal to the value of the put and where u(T, x, y) is equal to the value of the call found
thus far. It follows that

7 1

ox" wolr %.3) = Ax"

for all n > 1 from which the approximation to puts follows.

Having derived an approximating polynomial for the purpose of evaluating European-style options in
markets where volatility is stochastic, we now turn to some specific examples. This is the subject of the
next Section.

uo(T, X,¥),

3. Speciric EXAMPLES

The structure for pricing European options in markets where volatility is stochastic described thus
far, we recall, is quite flexible in its ability to allow for various modelling choices. Indeed, in cases
where the functional form of volatility is complicated from an analytic standpoint, it is possible to
evaluate the time-deterministic volatility, g(r,y), as well as the polynomial coefficients, H(t,y), for
Jj=1,2,2b,3,3b, by use of numerical integration procedures such as those found in Matlab.

The model of Hull and White [4] follows when we have k < 0,8 = 0,y = 1, and the use of f(¥;) = VY,.
For the model of Scott [6] we have k,0 > 0,y = 0, and f(Y;) = exp(Y;). We look at the models presented
in Stein and Stein [7] and Heston [3] in more detail in the proceeding subsections.
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3.1. The Stein and Stein Model. In this case, the stock price evolves according to
ds, = S,(rdt+Y,dW,),

while the volatility process evolves according to
dY, = k(6 —Yydt+ [dB;.

The above system is equivalent to that provided in (2.2) and (2.3) in the event that f(Y,) = Y, along
with v = p = 0. Because correlation between the Brownian motions driving each process is zero, we
need only find H,(7,y) and Hy,(7,y). It is not difficult to show that the time-deterministic Black Scholes
variance is

gy = ¢+ icy —0*(1 - e )+ %0@ —O)(1 —e™),
2k K

while
1
HZ(T, y) = __(y _ 9)2(4KT€_2KT —1+ €_4KT)
1643
1
—m92(e_2” — 4™ —2kT +3)
1
——0(@y — Okre™ + e KT 2 27T 4 3e7T),
413
and

1 1
Hop(1,y) = » (2‘1’ - ;(1 - e_z”)).

It is noted that it is possible to include correlation and find the functions H(z,y) for j = 1,3,3b. To
examine the usefulness of the approximation in practice, we compare the option prices it produces to a
selected sample taken from Stein and Stein [7]. This output can be found in Table 1. The sample selected
from Stein and Stein [7] allows one to see the accuracy under a relatively wide range of conditions for
varying strike prices relative to a fixed asset price of $100.

The first four panels of Table 1, that is, panels a)-d) illustrate various parameterisations in the case
where instantaneous volatility, y, is equal to its long run mean. In such cases, we have the Black Scholes
volatility g(,y) = #+/t. In the case of Table 1, panel a), volatility of volatility is at its lowest (8=0.1)
while mean reversion is k = 4. In this case it is clear that the option prices arising from the approxima-
tion are exactly the same as those in Stein and Stein (1991) to two decimal places.

For Table 1, panel b), volatility of volatility increases threefold while the speed of mean reversion in-
creases fourfold. The effect of such a large jump in mean reversion offsets the loss of accuracy arising
from a larger volatility of volatility parameter. Specifically, as mean reversion tends to infinity, option
prices will approach Black Scholes, that is, increasing the rate at which Y; is pulled back to its long-run
mean 6 leads to constant volatility. As a result, all four approximated prices agree with Stein and Stein
[7] to two decimal places. Alternatively, panel c) illustrates this where mean reversion is not as fast
(only half as much) while volatility of volatility remains the same. On this occasion, the lower speed of
mean reversion relative to volatility of volatility has led to a one cent price difference when the strike
price is K = $110 with all other prices agreeing to two decimal places.

The importance of the mean reversion parameter relative to the volatility of volatility parameter is ex-
plained further by panel d) in Table 1. In this case mean reversion is low while volatility of volatility is
high. Because of the low speed of mean reversion on this occasion, the size of error in the approximation
increases as witnessed by the option prices: The approximation is not accurate to two decimal places
for any of the four strike prices, however, in this extreme case, the loss of accuracy is not large.

Finally, panel e) in Table 1 illustrates the impact of typical prices arising when instantaneous volatility,
y, starts above its long-run mean, 6. In this case, the speed of mean reversion is quite large at k = 16
while volatility of volatility remains at its highest value in the table. Specifically, the high speed of
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TABLE 1. Sample of option price comparisons for the Stein and Stein model and polynomial approx-
imation: Parameters are as provided along with r = 0.0953, 7 = 0.5, x = $100

initial vol ~ long-run mean  reversion  volvol  strike  Steinand Stein  Approximation
y 0 K B K
a) 020 0.20 4.0 0.1 90 15.16 15.16
0.20 0.20 4.0 0.1 100 8.18 8.18
0.20 0.20 40 0.1 110 3.69 3.69
0.20 0.20 4.0 0.1 120 1.42 1.42
b) 020 0.20 16.0 03 90 1522 15.22
0.20 0.20 160 03 100 828 8.28
0.20 0.20 16.0 03 110 3.80 3.80
0.20 0.20 16.0 03 120 1.50 1.50
c) 025 0.25 80 03 90 16.09 16.09
0.25 0.25 8.0 03 100 9.63 9.63
0.25 0.25 80 03 110 522 521
0.25 0.25 80 03 120 2.61 2.61
d) 035 0.35 4.0 04 90 18.25 1824
0.35 0.35 4.0 04 100 1243 1242
0.35 0.35 40 04 110 8.16 8.14
0.35 0.35 4.0 04 120 523 522
e) 035 0.25 16.0 04 90 16.33 16.33
0.35 0.25 16.0 04 100 10.00 10.00
0.35 0.25 160 04 110 5.61 5.61
0.35 025 16.0 04 120 291 292

mean reversion results in the volatility process being pulled quickly to its long-run rate and this high
level of mean reversion again offsets any possible loss of accuracy attributable to the large volatility of
volatility parameter. In all, the option prices agree to two decimal places with the exception of a one
cent discrepancy for the deep out of the money option, that is, where the strike price is K = $120.

The examples examined here have shown that the polynomial approximates solutions to the Stein and
Stein [7] model quite well under reasonable parameterisations. In the next section we examine a model
which incorporates correlation between the Brownian motions driving the stock price and volatility

processes.

3.2. The Heston Model. In this case, the stock price evolves according to

= S, (rdr + \Y.aw,),

ds,

while the variance process evolves according to

The above system is equivalent to that provided in (2.2) and (2.3) in the event that f(¥;) = /Y, along
with y = 0.5, p # 0. Because correlation between the Brownian motions driving each process is
non-zero in this case, we need to find H;(r,y), j = 1,2,2b,3,3b. It is not difficult to show that the

dY, = k(0 - Y)dt +BAY,(pdW, +

time-deterministic Black Scholes variance is

1 — p%dB,).

1
gy = O+ —(y=0)(1 - ™).
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In addition, we have the following polynomial coefficient functions,

1 1 1 1
Hi(t,y) = —;(y —-0) (‘re—” - ;(1 - e‘”)) + ;9(7’ - ;(1 - e"”)) ,

along with
Hyry) = —mz( -0t - (1 - )
PR S C R P
1 T 1
+—0|z— —(B-4e™ +e 7)),
452 (2 BT e ))
while H,,(t,y) = 0 and
1
Hi(t,y) = —(y—-6) (K2T2€72KT —2KkT(e T — e T) 4+ 1 =27 + 672”)
442

1 2_2\ —KT —2KT
+ﬁ9(y—9)((2—1(‘r)e — (1 + k7)™ = 1 + k1)

1
+m92 (K2T2 — KT + 2kTe T + ¢ KT — 2e7F 4 1) ,

as well as

P 2+ k1) — K—2(1 —e™ )

2 kT 1
Hyy(t,y) = —;(y—e)(“ )

+%9(T(1 +e ) — g(1 - e_"T)).
K K

To examine the usefulness of the approximation under differing circumstances we look to replicate
option prices under conditions similar to those presented in Table 1. In keeping with the former example,
we leave the mean reversion and volatility of volatility parameters fixed along with the stock price and
strike prices. The interest rate and time to expiry is the same also. The fundamental differences in the
present case are a revision of the instantaneous variance and long-run mean to account for the change in
the functional form of volatility. Correlation has also been included and an arbitrary value of p = —0.5
has been chosen.

The results obtained for comparison are presented in Table 2. On this occasion, only four of the
option prices obtained from the approximating polynomial differ to their actual counterparts as found
with the Heston [3] model. Otherwise, the patterns found are quite similar to those presented in Table 1.
Specifically, panel a) of Table 2 considers a moderate level of mean reversion coupled with low volatility
of volatility. The end result is that the approximation matches the actual values to two decimal places in
all four cases.

For panel b) in Table 2, the speed of mean reversion is increased fourfold while the volatility of volatility
parameter is increased threefold. Yet again, the high speed of mean reversion leads to an exact match
in prices for all four examples. In panel c) we see the results of decreasing the speed of mean reversion
relative to the volatility of volatility parameter coupled with an increase in instantaneous variance and
its long-run mean. Remarkably, the approximated option prices match their actual counterparts to two
decimal places in all cases.

Turning to panel d) in Table 2 we see the effect of having a moderate level of mean reversion relative to a
large value for volatility of volatility. On this occasion, the accuracy of the polynomial has degenerated
somewhat, though this degeneracy is only marginal. In particular, three of the four approximated option
prices differ from their actual counterparts at a level of one cent. The option prices presented for a strike
price, K = $100, that is, at the money, match to two decimal places.

Finally, we look to panel e) of Table 2 to see the effect of a different value for instantaneous variance to
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TABLE 2. Sample of option price comparisons for the Heston model and polynomial approximation:
Parameters are as provided along with r = 0.0953, p = 0.5, 7 = 0.5, x = $100

initial vol ~ long-run mean  reversion  volvol  strike ~ Heston  Approximation
y [ K B K
a) 004 0.04 4.0 0.1 90 15.19 15.19
0.04 0.04 4.0 0.1 100 8.17 8.17
0.04 0.04 40 0.1 110 3.59 3.59
0.04 0.04 4.0 0.1 120 1.28 1.28
b) 004 0.04 16.0 0.3 90 1520 1520
0.04 0.04 16.0 03 100 8.17 8.17
0.04 0.04 16.0 0.3 110 3.58 3.58
0.04 0.04 16.0 03 120 1.26 1.26
c) 00625 0.0625 8.0 03 90 16.06 16.06
0.0625 0.0625 8.0 0.3 100 9.47 947
0.0625 0.0625 8.0 03 110 491 491
0.0625 0.0625 8.0 0.3 120 222 222
d)y 0.1225 0.1225 4.0 04 90 18.08 18.09
0.1225 0.1225 4.0 04 100 12.08 12.08
0.1225 0.1225 40 04 110 7.58 7.57
0.1225 0.1225 4.0 04 120 446 445
e) 0.1225 0.0625 16.0 04 90 16.30 16.30
0.1225 0.0625 16.0 04 100 9.86 9.86
0.1225 0.0625 16.0 04 110 5.35 5.35
0.1225 0.0625 16.0 04 120 2.61 2.60

its long-run mean. On this occasion, the high speed of mean reversion offsets the high level of volatility
of volatility and the end result is an exact match in prices to two decimal places in all four cases.

This example has again shown that the approximating polynomial is highly accurate under varying
parameterisations. We conclude the increasing the volatility of volatility will lead to a degeneracy in
accuracy and that such loss in accuracy can be countered by increasing the speed of mean reversion, thus
leading to volatility which becomes approximately constant. It has also been shown that the accuracy
holds well under reasonable parameterisations when the instantaneous variance is not equal to its long-
run mean.

3.3. A More General Model - Impact of Choosing the Functional Form of Volaility. On this occa-
sion we look to a more arbitrary specification of the functional form of volatility to examine how useful
the approximation becomes. The main objective of this investigation arises out of the consideration that
the functional forms presented in Stein and Stein [7] and Heston [3] may have been posed for analytic
convenience, i.e., to obtain closed-form solutions to option prices. We will consider that the functional
form may not behave in a manner which can be considered nice from an analytic standpoint and, as
such, look to exploit the power of the approximation procedure. Specifically, let us assume that the
stock price process evolves according to

1
ds, = S,|rdt+[0.1+ ——— |aw,],
' ’( ( 9><108Y,1°) ’)

as well as the intrinsic volatility process

dY, = k(0 - Y)dt +B\Yi(pdW; \|1 - p*dB,).
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It is clear that the above system is equivalent to that provided in (2.2) and (2.3) in the event that y = 0.5,
p # 0, and in the event that we have the functional form of volatililty

f(Y) = 0.1+ (3.28)

9 x 10810

Figure 1 shows a typical realisation of a sample path of f(Y;) where the initial volatility is equal to its
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FiGure 1. Simulated volatility path for the functional form (3.28): Parameters are instan-
taneous volatility equals long-run mean, y = 6 = 0.2, mean reversion, k = 20, and volatility of
volatility 8 = 0.3

long-run mean. The process is also relatively quickly mean reverting with a reasonably high input for
volatility of volatility. It is clear from this figure that the path has the properties usually attributed to a
sample path of volatility. Specifically, the sample path is volatile with the high speed of mean reversion
pulling it back to its long-run mean. In addition, there are several spikes in the path which revert quite
quickly to the long-run mean.
On this occasion we have the time-deterministic Black Scholes variance represented by

2

g 1
2 s = 0.1 d )
§@y fo ( T ox 105 )

where
vu) = 0+ (y—0)e ™,

The above integral is evaluated numerically using the pre-programmed family of integration formulas in
Matlab. In addition, it is necessary to evaluate each of the approximating polynomial functional coeffi-
cients, H(t,y), for j = 1,2,2b, 3, 3b numerically, again using the pre-programmed family of integration
formulas in Matlab.

Because there is no benchmark model to reconcile the results of the approximation with, we instead
compare prices to those found with the time-deterministic Black Scholes formula, that is, where the
input volatility is g(t, ). In addition, all inputs including the instantaneous volatility, its long-run mean,
the level of mean reversion, and the volatility of volatility parameters will be the same as those used to
illustrate the Stein and Stein [7] model in Table 1. The purpose of this is to provide a two-way compari-
son. Firstly, comparing the approximated values to the Black Scholes benchmark will enable us to gage
how option priced under the stochastic volatility specification differ across moneyness relative to Black
Scholes. Secondly, the (approximate) option prices obtained can be compared against their counterparts
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found by the evaluation of the Stein and Stein [7] model to illustrate that the choice of functional form
is an important modelling consideration.
Table 3 contains the approximated option prices and their Black Scholes counterparts. Firstly, we com-

TaBLE 3. Sample of option prices for the polynomial approximation: Parameters are as provided
along with r = 0.0953,p = —-0.5,7 = 0.5, x = $100

initial vol  long-run mean  reversion  volvol  strike  Black Scholes  Stochastic ~ % Change
y 0 K B K Volatility
a) 020 0.20 40 0.1 90 14.32 14.34 0.14
0.20 0.20 40 0.1 100 6.24 6.41 272
0.20 0.20 40 0.1 110 1.67 1.85 10.78
0.20 0.20 40 0.1 120 0.26 029 11.54
b) 020 0.20 16.0 03 90 14.32 14.49 1.19
0.20 0.20 16.0 03 100 6.24 729 16.83
0.20 0.20 16.0 03 110 1.67 276 65.27
0.20 0.20 16.0 03 120 0.26 0.56 115.38
¢ 025 025 80 03 90 14.23 1443 141
0.25 0.25 8.0 03 100 574 743 29.44
0.25 025 80 03 110 1.14 291 155.26
0.25 0.25 8.0 03 120 0.10 049 390.00
d 035 035 40 04 90 1422 14.53 2.18
035 035 40 04 100 5.69 8.39 4745
0.35 0.35 40 04 110 1.08 392 262.96
035 035 40 04 120 0.08 0.69 762.50
e) 035 0.25 16.0 04 90 14.23 14.41 1.26
035 025 16.0 04 100 570 727 2754
0.35 0.25 16.0 04 110 1.10 274 149.09
0.35 025 16.0 04 120 0.09 045 400.00

ment to the extent that the option prices obtained assuming stochastic volatility are only approximations
and that the accuracy of these can be gaged given the analysis of the accuracy of the approximated prices
found using the Stein and Stein [7] model. Specifically, the accuracy (or lack thereof) in that case should
translate directly to those found here.

The first thing to notice is that the prices found with the stochastic volatility model are all higher than
the Black Scholes prices in all 20 cases. The extent to which this true is mostly determined by the mean
reversion and volatility of volatility parameters. Specifically, the most explanatory power in the amount
of price differences over Black Scholes belongs to the volatility of volatility parameter. That is, increas-
ing the input of volatility of volatility is leading to greater price differences. On this occasion, the level
of mean reversion is having less of a role of explaining the price changes and the only exception is in
panel e) where the parameter has increased fourfold over that provided in panel d).

Indeed, with volatility of volatility remaining at 0.3 as shown in panels b) and c) there is an unexpected
result for the two options with a strike price of K = $90. Specifically, the option priced where mean
reversion is twice as large, that is, panel b) has a higher price than that found in panel ¢). Otherwise,
panel b) where mean reversion is double that in panel c) leads to lower option prices.

4. CONLCUSION

This paper has investigated a methodology which can be used to unify several well-known stochastic
volatility models with a view to option pricing. In particular, a general model of stochastic volatility
where the Stein and Stein [7] and Heston [3] models act as special cases has been posed. The method of
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solving the generalised system posed here is an approximating polynomial which should carry an error
of 3* where f is our volatility of volatility parameter.

The flexibility and accuracy of the approximating procedure has been investigated from two important
directions. The first of these is a direct comparison of its performance against the benchmark models of
Stein and Stein and Heston. It has been shown that for both models the accuracy of the approximation
is quite high under reasonable parameterisations. For the former model, it was shown that fourteen of
the twenty option prices compared matched to two decimal places. For the other ten, the inaccuracies
where generally at a one cent level.

Correlation between the Brownian motions comprising the system was then investigated with compar-
isons of option prices to those found with the Heston [3] model. In this case, the order of accuracy was
higher with sixteen of the twenty option prices being compared being accurate to two decimal places.
In the remaining four cases, the order of error was one cent.

Having investigated the accuracy of the approximating polynomial, we then turned to the second di-
rection of investigation. This approach was designed to illustrate the flexibility and usefulness of the
polynomial in situations where the functional form of volatility may not be nice from and an analytic
standpoint. In other words, the restricting need to pose a functional form of volatility as well as a dif-
fusion process for volatility which is analytically convenient to work with is removed and the results
indicate that the functional form of volatility is not a trivial consideration.

In light of the results presented in this paper, two useful directions for future research arise, and these
can be considered somewhat linked. The first direction is the posing of a functional form of volatility
along with an accurate diffusion model for volatility in order to capture the characteristics of a sample
path of volatility with as much accuracy as can be obtained. Related to such accuracy is the estimation
and/or calibration of the functional form and diffusion process parameters to stock price data. Such es-
timation was omitted here in favor of an investigation which highlights the usefulness of the generalised
methodology.

APPENDIX A. PROOF OF THEOREM 2.2

The expansion in (11) provides the coefficient of 5,
Lo (2, x,y) + Lyug(t, x,y) = 0.

However,

0
Ll MO(T9 X, )’) = pxyyf(y)a_yN(dl)9
1
8(t,y)

0
—pxy” £(y) dzN/(dl)a_yg(T’y),

0
=Y FO 2 ta =g (T, ).
y
Therefore, we look for ay, @, and h(g(r, y)) such that
QU + XUy = —h((T, ) do X Uy,

whence it becomes clear that we must have a; = 1, @, = 1/2, h(g(t,y)) = 1/2g(r,y). That is,

—LZ”I(T’ X, y)

1 0
—Zpyyf(y)g(‘r, y) xzuxx + _x3uxxx g(Tv )’),
2 oy

1 0
_py}’f(y) xzuxx + _X3Mxxx _gZ(T’ y)
2 ady
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Alternatively,

11

0
Lox" —up(t,x,y) = 0,
ox"

and, because £, is linear in its derivatives in ¢ and y, this means there exists some function, H,(7,y),
such that

1
Lou(r,x,y) = p (-xzuxx + _x3uxxx) LHrH(1,y),

2
where
0
LHi(Ty) = - 7f(y>a—yg2(n »)-
The function H,(7,y) provided in (2.18) satisfies this equality. O

AprPENDIX B. PrROOF OF THEOREM 2.3

The expansion in (12) provides the coefficient of 52,
Loun(t,x,y) = Loluza(7,x,y) + u2p(7, X, )],
= _LOMO(T’ X,y) - ‘Llul(T’ -x5y)’

where we will let uy 1 (7, x, y) correspond to the operator, £y, and u; (7, x, y) correspond to £L;. We look
first to the right part of the right hand side of this where we find that

_LOMO(T’ X, y)

_%yzyaﬁy [xN/(dl)gy] >

1
—§y27 (88 + didda(gy)?) Xtk

where g, and g,, denote the usual first and second derivatives of g(z,y) with respect to y respectively.
Because of the term involving d,d,, we look for the constants, o, @, @3 such that

2 3 4 2
X Uyx + QX Uyxx + Q3X Uyxxx = h(g(T’ }’), dle)x Uxx,

for some suitable function, /. It is not difficult to show that the choice of o] = 2, a; = 4, a4 = 1, leads
to

1 1
Loup(t, x,y) = _y2y 88y T (gy)2 xzuxx + _yzy(gyg)z(zxzuxx + 4x3uxxx + x4uxxxx)-
2 2
However, ggy, + (g,)* = 345, leaving us with

1 1
—Louo(t, x, y) = __y2y(gyg)2(2x2uxx + 4~x3uxxx + x4uxxxx) - _yzygz xzuxx-
2 2 yy

That is,

1 1
_zy(gyg)z(zxzuxx + 4x3uxxx + x4uxxxx) - EyZVginZuxx

Loup (7, x,y)
= (zxzu.rx + 4x3uxxx + x4uxxxx)-£2H2(Ts )’) + xzuxx£2H2b(T, )’),
and we find H»(,y) provided in (2.22) and Hy,(7,y) provided in (2.23) satisfies this equality.

In order to recover u;»(7, X, y), we now look to the term, —L;u; (7, x, y). To that end, we have

0 1 1 0
pa_yHl (T’ y) (x2uxx + EXBMXXX) = p (x2uxx + §x3uxxx) 8_yHl (T’ y)

9 1
+pH, (7, y)5 (xzuxx + §x3um). (2.29)
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The first term on the right hand side is straightforward, for we must then have

pZnyf(y)% (x2uxx + %x3um) ;—yH 1(7,y)

5 1 0
= 2P2yyf(y) x2uxx + _xsuxxx + _x4uxxxx —H(7, y)
4 4 ay

That is, there exists the function, u,, (7, x,y), such that

4 4

from which we find that (2.25) satisfies this equality. We now turn to the second term on the right side
of (2.29). In light of theorem 2.2, we seek

5 1
LZ“Z,Z,](T’ X, y) = 2)02 (xzuxx + _x3uxxx + _x4uxxxx) -£2H3b(7-7 y)’

0 1
Hi(1,y) — ———dr XU,
pH (T y)6y2g(r,y) HX Uy,

and find this equal to
1
pH (7, y)fgzgy (d1d§ —d) - 2d2) ity

Because the expression involves d1d§ we look for the constants, a, >, a3, @4, and find that

.qu g3(T’ Y)(4X2Mxx + 14x3uxxx + szuxxxx + -xsuxxxxx) = dld§ - dl - 2d2
XX

That is, the choice of @1 =4, @, = 14, a3 = 8, and a4 = 1, leads to

0 1 1
pH (7, y)a_y (xzuxx + §x3”xxx) = Ele (7, y)ggy(4x2uxx + 14x3uxxx + 8x2uxxxx + xsuxxxxx)~

Because we are using the operator, £;, we need to differentiate with respect to x and multiply by
pxy” f(y). Doing so says that

Louyo0(7, x,y)

13 1
szyf(y)Hl (T, Y)ggy (4x2uxx + 23x3uxxx + 23x2uxxxx + Exsuxxxxx + §x6uxxxxxx)

13 1
,02.£2H3(T, )’) (4x2uxx + 23-x3uxxx + 23x2uxxxx + ?xsuxxxxx + §x6uxxxxxx) s

from which we find that (2.24) satisfies this equality. O
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